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» Random walk (RW) ranking: transform Y into stochastic matrix S
> Si,5 = [Ei’j — Cij9 §7;’j —+ Ci’j], where Ci,j — % maxy C; i ZE :lj_[g,r,; (see Lemma 1-2 in [2])
» Let Sv = 1v and SV = 1¥. Then, according to [3], we have
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» Each option o; is associated with a random variable X;.

» T he random variables X; take values in a set {2 that is only partially ordered by
a preference relation <.

»yi; = P(X; < Xj) + %(P(Xz' ~ X;) + P(X; L Xj))
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3. The idea of the Random walk (RW) ranking is to handle the matrix Y as a CleRRs] : i1 I el -
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stationary distribution.

| Let O = {01,...,0K} be a set of options. Assume o; <>E o; iffi < j
Let O = {01,...,0K} be a set of options such that A; j = y; ; — 1/2 # 0 Withou_t loss of generality and y; fé y; foralll <1 # 53 < K. Let

for all 1,3 € | K. The expected number of pairwise comparison taken by . 2 e .
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most 8 if n;j < Nmax for all 1,5 € [K]. and outputs the optimal solution with probability at least (1 — d).
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